Towards L2-friendly pipelines for learner corpora: A case of L2-Korean learners
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trained model « Developing L2 domain-specific model: Achievement of improved

Reference L1 corpus: Google Korean Universal Dependency Tree- performance in morpheme tokenization and POS tagging for L2-Korean

« Results: The F1 scores for the Stanza+L2 model showing improvements with tok-
bank (UD Korean GSD) as a baseline

enization 0.93 > 0.89 and POS tagging 0.91 > 0.86 (compared to the highest scores
of models trained exclusively on the L1 dataset)

data by integrating L2 data into the training sets

» Future direction: Emphasis on the potential of carefully designed and
validated data-processing pipelines for enhancing computational resources
for lesser-studied languages and boosting their performance



